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THIS WEEK'S BRIEF







	The opening theme: what happens to responsibility when leverage — financial, computational, or algorithmic — outruns human oversight




	Deep dive: Bun's million-line rewrite from Zig to Rust, and what it means that no single person read all of it




	Deep dive: Korean leveraged ETFs and the "terrifying" scale of retail exposure to the AI chip trade




	Deep dive: why AI might create more legal work, not less, via a Jevons paradox for lawsuits and deals




	Deep dive: China's open-weight AI strategy and the soft-power fight America may be losing without noticing




	Deep dive: the Trump administration's quiet rewrite of science-funding rules and what decentralization actually protects




	Deep dive: what "superagers" do differently — memory, curiosity, and the science of aging well




	Briefings: DRAM prices up 90%, then 50-60%, then 20% more — the AI trade's hidden tax on everyone else




	Briefings: a solo builder's 24/7 local AI fleet, and what "unlimited inference" changes about the economics of building




	Briefings: tech workers split in two — burnout up 11 points, and almost nobody would recommend the industry now




	Briefings: fluids that fracture instead of flow, mirror-handwriting, and other small strange truths from the sciences




	Closing: on trust, attribution, and what it means to still need someone to answer for the machine








* * *




WHO ANSWERS FOR IT




There's a phrase buried in a Simon Willison post this week that I can't stop turning over: "a computer can never be held accountable, therefore a computer must never make a management decision." IBM said that in 1979, engraved on a training slide, decades before anyone had to worry about a machine writing a million lines of production code or routing a trillion dollars of leveraged notional exposure through a single-stock ETF. But it's the right lens for almost everything in this week's reading. Across finance, technology, law, and science funding, the through-line is the same: systems are scaling faster than the structures that make anyone answerable for them.




Start with Jarred Sumner's account of rewriting Bun — the JavaScript runtime — from Zig to Rust, almost entirely with the help of coding agents. The number that should stop you is the price tag: roughly $165,000 in tokens to port more than a million lines of code, using Bun's own TypeScript test suite as the arbiter of correctness. Nobody read that million lines the way a human reviewer traditionally reads a pull request. What made it defensible, in Sumner's telling, wasn't careful human inspection — it was a test suite large enough and language-independent enough to serve as a conformance harness, plus a process of "fixing the process that generates the code instead of hand-fixing the code." That's a genuinely new mode of accountability: not "I checked this," but "I built a system that would have caught it if it were wrong." Willison's other piece this week, on Directly Responsible Individuals, argues that this shift can't go all the way down — that some human has to remain the DRI, the one who owns the outcome, because only a person can take accountability in the sense that matters. Put the two pieces together and you get the actual frontier question of this moment in software: not whether agents can write good code, but whether we're building the verification infrastructure fast enough to keep a human meaningfully in the loop as the one who's really answerable.




Now widen the lens to finance, where Barclays' Alexander Altmann uses the word "terrifying" to describe the notional exposure created by leveraged single-stock ETFs, particularly in Korea, where assets under management in these products have tripled. Nobody designed this — it emerged from retail demand for the AI chip trade meeting financial engineering that made leverage easy to buy in a single ticker. The chain of accountability here is even murkier than in the Bun case: when a leveraged ETF unwinds violently, who's responsible — the fund sponsor, the retail buyer who didn't understand the daily-rebalancing mechanics, or the systemic momentum that made everyone pile into the same trade? Gary Wingens, discussing AI's effect on legal work in the same collection of Odd Lots episodes, makes a structurally similar point from the opposite direction: he thinks AI will increase legal work, not eliminate it, because cheaper contract review and analysis will trigger a Jevons paradox — more litigation and deals become viable once the marginal cost drops, the same way cheaper energy increases total energy consumption rather than reducing it. Efficiency doesn't shrink the system; it changes what the system does and who's exposed to its failure modes.




Then there's the geopolitical version of the same anxiety. Andrew Ng's argument, relayed in Noema, is that China's decision to release open-weight AI models is a "brilliant move" precisely because it diffuses capability — and accountability — outward, while America's closed, proprietary approach concentrates both. When the Trump administration briefly cut off foreign access to a frontier American model, it demonstrated to the rest of the world that a single actor could revoke a nation's AI capability overnight. That's not a hypothetical for countries deciding which model to build their supply chains on; it's a lesson in what centralized control costs you. Tyler Cowen's alarm about the administration's rewrite of federal science-funding rules is the domestic mirror of this same instinct — replacing a decentralized, arm's-length grant system with one where political appointees can redirect or cancel funding by discretion. In both cases, the question isn't whether centralization is more efficient in the short run. It's what you lose — resilience, trust, the ability to course-correct — when you collapse a distributed system into a single point of control.




None of this is really about AI, or ETFs, or grant regulations specifically. It's about the oldest problem in institutional design showing up in new clothes: scale and speed keep outrunning the slow human work of assigning responsibility, and every domain this week — code, capital, law, geopolitics, science — is improvising its own answer in real time.




* * *




THE MILLION-LINE REWRITE NOBODY FULLY READ




For twenty-five years, "never rewrite from scratch" has been near-scripture in software engineering, dating back to Joel Spolsky's 2000 essay Things You Should Never Do, Part I. Jarred Sumner, the creator of the JavaScript runtime Bun, just did it anyway — rewriting Bun's entire implementation from Zig to Rust — and his account of why and how, published on his blog and covered by Simon Willison, is one of the more important documents this year on what it actually means to build software with AI agents rather than merely use them as autocomplete.




The proximate cause wasn't performance or elegance. It was fear. Sumner writes that his bugfix list "felt bad" and that he was "tired of going to sleep worrying about crashes in Bun." The specific failure mode was memory safety: use-after-free, double-free, and forgot-to-free bugs in error paths — the classic hazards of manually managed memory, made worse by the fact that Bun mixes garbage-collected JavaScript objects with manually managed native code, an unusual combination that Zig, in Sumner's telling, simply wasn't designed to guard against. Rust's answer to this class of bug is structural rather than disciplinary: in safe Rust, use-after-free and double-free are compiler errors, and the RAII pattern (Resource Acquisition Is Initialization) means cleanup happens automatically when a value goes out of scope, via the Drop trait. Sumner is careful to say this isn't a knock on Zig — "other users of Zig don't have the bugs we had" — but rather a mismatch between what Bun needed and what the language was built to prevent.




What makes this genuinely new, though, isn't the language choice — it's how the rewrite got done. Sumner's core insight is that coding agents change the economics of a rewrite that would once have been a multi-year, career-risking bet. Bun's test suite happened to be written in TypeScript rather than Zig, which meant it could function as a language-independent conformance suite: a battery of assertions that don't care what language actually implements them, only whether the behavior matches. That became the harness for an agent-driven port. Early results were tentative — "at first, I didn't expect it to work" — but within days, a high percentage of the test suite started passing, and the generated Rust code began to visibly track the structure of the original Zig implementation. That was the moment Sumner's assessment flipped from "this is worth trying" to "I'm going to merge this."




The scale is the part that should actually stop you. This was more than a million lines of AI-generated code, and the question Sumner poses directly is one the rest of the industry hasn't answered yet: how do you review a pull request with over a million lines added? His answer wasn't to read all of it — nobody could, and pretending otherwise would be its own kind of dishonesty. Instead, it was a combination of the conformance suite, adversarial code review (where a second process or model actively hunts for discrepancies rather than passively confirming them), and — critically — a discipline of fixing the process that generates the code whenever something went wrong, rather than hand-patching the output. That's a meaningfully different posture than traditional code review. You're not verifying correctness line by line; you're verifying that the system producing the code is trustworthy, and treating any bug as a signal to improve the harness, not just the artifact.




The financial detail is almost incidental but worth sitting with: the estimated cost of the pre-merge work was around $165,000 at API pricing — 5.9 billion uncached input tokens, 690 million output tokens, and 72 billion cached input token reads, over roughly eleven days of active work where Sumner says he mostly monitored workflows and prompted Claude to adjust the loop when something looked wrong. The result has been running in production inside Claude Code since mid-June, and Sumner's own framing of the outcome is almost anticlimactic: startup got about 10% faster on Linux, and otherwise, barely anyone noticed. "Boring is good," he writes — which is, in its own way, the entire point. The goal of an agentic rewrite this large isn't spectacle; it's for a catastrophic architectural bet to be invisible in its outcome.




This is where Willison's separate note on Directly Responsible Individuals earns its place beside the Bun story. The term, which Willison traces through the GitLab handbook back to Apple, describes whoever is ultimately accountable for a project's success or failure. Willison's argument is that an agent should never be the DRI — accountability is "uniquely human," because humans can own outcomes in a way that machines structurally cannot. Read against Sumner's rewrite, that distinction clarifies exactly what changed and what didn't. The agents wrote nearly all the code. But a human — Sumner — was still the one who decided the risk was worth taking, who monitored the workflow, who owned the call to merge, and who would have been the one explaining a catastrophic failure if the conformance suite hadn't held. The tools for verification are becoming radically more powerful. The person who has to answer for the outcome hasn't changed at all. That's probably the most durable insight in either piece: agentic capability doesn't eliminate the need for a DRI, it just makes the DRI's job less about writing and more about designing the system that decides what "correct" means.




* * *




THE LEVERAGE NOBODY CAN QUITE SEE




If you want a single word to describe what's happening in Korean equity markets right now, Barclays' Alexander Altmann has already supplied it: terrifying. Speaking on Bloomberg's Odd Lots, Altmann — the bank's Global Head of Equities Tactical Strategies — described the scale of notional exposure now flowing through leveraged, single-stock ETFs, particularly in Korea, where assets under management in these products have roughly tripled in a short period. The mechanism is straightforward enough to explain and hard enough to fully grasp in its consequences: these ETFs use derivatives to deliver a multiple — say, two or three times — of a single stock's daily return, reset every day. They're popular in the US too, but the sheer scale coming out of Korea, layered on top of retail enthusiasm for the AI trade, is what has Altmann worried enough to reach for a word like that on the record.




The timing of the conversation wasn't incidental. The episode aired the same week as two of the biggest stories in Asian tech markets: Samsung's earnings and SK Hynix's new US listing, a $26.5 billion offering that reopened an Asia-to-US capital route for one of the two companies (alongside Micron) that effectively control the world's memory chip supply. Retail investors, in other words, aren't just buying leveraged exposure to some abstract "AI trade" — they're buying triple-levered bets on individual companies sitting at the exact center of the chip supply chain that every hyperscaler in the world currently depends on. That's a very different risk profile than diversified index exposure, and it's compounding on top of a memory market that — as this week's Generalist Intelligence briefing notes separately — has already seen three consecutive quarters of major DRAM price hikes, with Samsung reportedly pushing for up to another 20% increase after roughly 90% and 50-60% hikes in the two prior quarters.




Altmann's specific worry, beyond the raw AUM growth, is about risk management at a systemic level: how do market makers and the banks providing the underlying derivatives hedge exposure that resets daily and can compound in ways that amplify volatility precisely when volatility is already high? Leveraged ETFs have a well-documented mathematical property — because they reset daily, their returns over any period longer than a day diverge from a simple multiple of the underlying's return, especially in volatile, sideways markets, where the decay from repeated rebalancing can erode value even if the underlying stock ends up flat. That's a known feature to derivatives desks. What's less well understood, in Altmann's telling, is what happens when retail demand for these products scales into the tens of billions of dollars of notional exposure concentrated in a handful of AI-adjacent names, and a sharp move forces synchronized hedging flows across the market — the kind of mechanical, structural amplification that has caused violent, seemingly unexplainable moves in markets before.




The deeper question the episode raises, and one Altmann returns to, is about how society and retail investors in particular arrived at being this overexposed to equities in the first place. Part of the answer is obvious: a decade-plus of low rates and rising markets trained a generation of investors that equities, and increasingly leveraged equities, are close to a one-way bet. Part of it is structural: these products are easy to buy, require no margin account or options knowledge, and are marketed as a simple way to express conviction on a single stock or theme. And part of it, tied directly back to the AI story running through the rest of this week's reading, is that the AI chip trade has become the market's dominant narrative, pulling capital toward a small number of names — Samsung, SK Hynix, Micron, Nvidia's supply chain — with a gravitational force that makes concentrated, leveraged bets feel almost like common sense rather than a tail risk.




The implication worth sitting with is this: leverage doesn't just amplify returns, it amplifies the consequences of narrative concentration. When retail capital piles into leveraged instruments tracking the same handful of companies that happen to sit at a supply-chain chokepoint — memory chips, in this case — you've built a system where a shock to one node (an export control, a factory disruption, a demand air-pocket in AI capex) doesn't stay contained to that node. It propagates through leveraged, daily-resetting products held by investors who may not fully understand the compounding mechanics, at a scale large enough that a Barclays derivatives strategist is using the word "terrifying" on a business news podcast. That's not a prediction of collapse. It's a description of fragility — the kind that tends to sit quietly until it doesn't.




* * *




THE PARADOX THAT COULD SAVE THE BILLABLE HOUR




The intuitive story about AI and the legal profession goes like this: much of what associates and paralegals do — searching case law, reviewing contracts, drafting routine filings — is exactly the kind of structured, text-heavy work large language models are good at automating. Lower the cost of that work enough, and you'd expect total legal spending, and total legal employment, to shrink. Gary Wingens, chair and partner at the law firm Lowenstein Sandler, argues on Bloomberg's Odd Lots that this story gets the second-order effect backwards — and the mechanism he invokes, the Jevons paradox, is one of those ideas that, once you have it, you start seeing everywhere.




The original Jevons paradox comes from 19th-century economics: William Stanley Jevons observed that as steam engines became more efficient at using coal, total coal consumption rose rather than fell, because cheaper, more efficient engines made coal-powered machinery viable for a much wider range of uses than before. Efficiency didn't reduce demand for the underlying resource — it expanded the universe of applications for which that resource made economic sense, and the expanded universe more than offset the per-unit savings. Wingens's argument is that legal services could follow the identical curve. If AI drives down the cost of due diligence, contract review, or discovery, then lawsuits, deals, and disputes that were previously not worth pursuing — because the legal costs would have exceeded the expected value — suddenly clear that bar. More disputes become worth litigating. More deals become worth structuring with the kind of careful, lawyer-intensive documentation that used to be reserved for the highest-stakes transactions. The total volume of legal work goes up, not down, even as the cost per hour of any individual task falls.




This has a specific and slightly uncomfortable implication for the billable-hour model that has organized the economics of law firms for decades. If AI is doing the research and first-draft work that associates used to bill hours for, the naive read is that billable hours — and therefore firm revenue — should collapse. But if Wingens is right that total legal activity expands, the actual effect might be closer to a shift in what associates and lawyers are billing for, rather than a straightforward reduction in the total pie. The scarce resource stops being "hours spent searching documents" and starts being judgment: knowing which of the newly economically viable disputes are actually worth pursuing, how to frame a novel legal argument, how to manage the relationship and strategy around a deal. That's a genuine structural shift in what a law firm sells, not merely a productivity boost layered on top of the old model.




The part of the conversation that deserves more attention, though, is what this means for training junior lawyers — a problem that echoes almost exactly the debate happening in software engineering, journalism, and any other field where entry-level work has traditionally doubled as an apprenticeship. If AI absorbs the research and first-draft work that used to be how young associates learned to think like lawyers — building pattern recognition through sheer repetition of contract review, motion drafting, and case research — then firms face a real pipeline problem even if total demand for legal services grows. You can have more work in aggregate and still have a broken mechanism for producing the senior lawyers of the future, because the rungs of the ladder that used to teach judgment through repetition have been automated away. Wingens doesn't offer a fully worked-out solution to this in the excerpt here, but naming the tension plainly — more work, but a harder path to developing the people capable of doing the highest-value version of it — is itself useful, because it's the same tension quietly sitting underneath the "junior developer" debate in software and the "cub reporter" debate in journalism.




The broader lesson, applicable well outside law, is to be suspicious of first-order automation stories. "AI does X cheaper, therefore less human labor is needed for X" is often true holding total demand constant — but total demand is almost never constant when the cost of a service drops sharply. The Jevons paradox is a reminder that efficiency gains in a service with latent, price-suppressed demand tend to expand the market rather than shrink the workforce, and that the real strategic question for any profession facing this shift isn't "how much of our current work will be automated" but "how much new work becomes viable once the cost curve moves, and are we positioned to do the higher-judgment version of it." Law may turn out to be one of the clearer test cases for whether that logic holds up outside a 19th-century coal furnace.




* * *




THE SOFT POWER YOU DON'T NOTICE UNTIL IT'S GONE




There's a specific irony Andrew Ng laid out at a recent Berggruen Institute and Mozilla Foundation gathering, in conversation with screenwriter David Goyer, that's worth sitting with: a closed political society, China, is winning the global AI adoption race by giving its models away for free, while the world's most open society, the United States, is producing mostly closed, expensive, proprietary models that much of the world can't afford or adapt. Ng is not a casual observer here — he co-founded Google Brain and served as chief scientist at Baidu, and both Sam Altman and Dario Amodei worked for him earlier in their careers. His read, reported in Noema, is that this dynamic is quietly reshaping who controls the narrative and infrastructure layer of AI outside the US and China themselves.




The mechanics of the argument matter. An open-weight model — like DeepSeek, or the newer GLM 5.2 from the Chinese startup Z.ai — publishes the actual trained numbers (the weights) for anyone to download and run locally, for free. A closed-weight model, like the leading systems from OpenAI, Anthropic, or Google, keeps those weights private; you can only send a prompt and receive a response, with no ability to run the model yourself, inspect it, or adapt it to local infrastructure without paying for access. Ng's point is that this isn't a minor technical distinction — it's the difference between a country or company being able to build durable, sovereign AI capability versus renting access to someone else's. And in nations across Africa, Ng notes, Chinese open models like DeepSeek have already been adopted "far more widely" than their American counterparts, which "have really fallen behind" in that specific market.




Why would China, an otherwise closed and censored society, choose openness in this one domain? Ng's answer is that open-weighting accelerates knowledge diffusion inside a company's own ecosystem and, as a byproduct, across every downstream user and developer who builds on the released weights. That diffusion effect compounds: "over the last few years China has raced ahead in AI capabilities," Ng argues, even while the leading closed US models remain nominally ahead in raw capability today. The strategic bet is that capability gaps close over time, but adoption and infrastructure lock-in compound — whoever's models get embedded in the world's supply chains first has a durable advantage regardless of who's technically "ahead" in any given quarter.




Ng frames the stakes in two distinct registers, and both are worth separating. The first is cultural: storytelling and information framing are a classic vector of soft power, and a model's answers to politically loaded questions — his example is what happened at Tiananmen Square in 1989 — will reflect the values embedded by whoever trained it. If the world increasingly asks Chinese models these questions because they're the free, locally-adaptable option, the argument goes, the values reflected back to billions of users skew accordingly. The second register is more structural: AI is becoming a foundational layer of the software supply chain, and if more of the world's companies build their products on a Chinese-model-dominant base, that concentrates leverage over how the technology develops and who benefits from its infrastructure economics — independent of any single conversation's political content.




There's a genuine wrinkle here worth not glossing over, one that Ng surfaces by relaying a conversation with Kai-Fu Lee, the prominent Taiwanese computer scientist: every model, everywhere, carries the imprint of its cultural and political context, not just Chinese ones. Lee's point, as Ng relays it, is that "different cultural zones with different values will censor different things" — China restricts criticism of the Party, the West has its own culturally-driven restrictions around race and gender speech, and other cultural zones enforce their own sensitivities around religion. This matters because it complicates the clean "open versus censored" framing — the real contest isn't between a neutral American model and a censored Chinese one, but between different value systems each embedded, visibly or invisibly, in supposedly neutral technology, with openness determining who gets to see and adapt those embedded values versus who's simply handed an answer.




The piece closes on a pointed real-world data point: David Sacks, co-chair of the President's Council of Advisors on Science and Technology, has separately sounded alarm that Z.ai's GLM 5.2 is now competitive with the best available American models — and Ng connects this directly to a recent, brief White House shutdown of foreign access to Anthropic's Fable 5 model, later reversed after review. Ng's argument is that the episode itself did lasting reputational damage regardless of the reversal: it demonstrated to every government watching that the US retains the unilateral power to yank AI access from an ally overnight, which accelerates exactly the hedging behavior — toward open, locally-controlled alternatives — that erodes the soft power advantage America still has. The implication generalizes well beyond AI: openness isn't just a technical or ideological posture, it's a form of soft power that compounds quietly through infrastructure dependency, and a single demonstration of unilateral control can undo years of that accumulated trust in an afternoon.




* * *




WHAT DECENTRALIZATION WAS QUIETLY PROTECTING




Tyler Cowen has been warning for a while, in a piece he calls "The Nationalization of American Science," that a seemingly technical, almost boring regulatory change — a rewrite of the federal Regulation for Federal Financial Assistance — represents a serious threat to how the US funds scientific research. This week, on Marginal Revolution, he rounds up a chorus of independent voices who've reached the same conclusion from different starting points, and the convergence itself is the story: this isn't a partisan complaint confined to one ideological corner, it's showing up from science advocacy groups, center-right commentators, and economics writers alike.




The mechanism at issue is dry-sounding but consequential. Federal research funding in the US has historically operated through a decentralized system: money flows to universities and research institutions largely through peer-reviewed grant processes, with substantial insulation from direct, case-by-case political discretion over which specific projects get funded or defunded. The proposed rule change, according to Grayson Logue writing at The Dispatch (quoted in Cowen's roundup), would give the president and political appointees much greater discretion "to cancel funding or target recipients for virtually any reason — with little opportunity for recourse." The White House's stated justification is accountability — the idea that political oversight should have more direct control over how public research dollars are spent. Critics argue the actual effect is to convert a system built on scientific merit review into one where funding continuity depends on staying in the good graces of whichever administration currently holds the levers.




The AAAS's response, quoted directly in Cowen's post, is unusually blunt for a scientific membership organization not known for incendiary language: they call the rule "a brazen power grab" and note pointedly that "Alzheimer's disease will not be cured by a budget analyst from either political party." That specific phrasing is worth sitting with, because it names precisely what a decentralized, peer-reviewed system is supposed to protect against: the possibility that scientifically promising but politically inconvenient or simply unglamorous research gets starved of funding not because it lacks merit, but because a political appointee, for whatever reason, decided not to prioritize it. Dan Drezner, quoted in the same piece, goes further, calling the rule change "monumental and catastrophic" and noting that it's difficult to track given how many other simultaneous pressures on American state capacity are unfolding at once — a comment that's less about this rule specifically and more about the difficulty of assessing cumulative institutional erosion in real time.




Noah Smith's contribution to the roundup adds a useful historical frame: he argues that COVID policy and gender policy controversies of the past several years have already destabilized what used to be a durable cultural consensus — that even amid partisan noise, science funding itself remained mostly insulated, with culture-war material representing only "a tiny fraction of the whole." His worry, echoed by Cowen, is that the current moment risks losing that equilibrium entirely rather than simply shifting it: once you establish the precedent that political appointees can review and override funding decisions based on ideological content, you don't easily get back to a norm where that discretion goes unused.




Cowen's own framing is the one that generalizes furthest beyond this specific rule: centralized control over research funding is, historically, the default condition for how nations organize science — it serves whoever currently holds political power, regardless of party, because concentrated discretion is simply more useful to those in charge than distributed, merit-based allocation. Decentralization, by contrast, is "the fragile exception — a historically unusual achievement that is easier to destroy than rebuild." That's the sentence to hold onto, because it reframes the whole debate away from "is this specific administration's science policy good or bad" and toward a structural question: is the US quietly discarding one of the genuinely unusual institutional arrangements — alongside an independent judiciary — that let scientific merit, rather than political favor, determine which ideas get resourced? Cowen's comparison to judicial independence is doing real work here: both are systems designed to be slow to erode and catastrophic to rebuild once lost, precisely because their value lies in being trusted to operate outside the reach of whoever currently holds power.




* * *




WHAT SUPERAGERS ACTUALLY DO




Andrew Huberman's conversation with UCLA psychologist Alan Castel covers a lot of ground on memory and cognitive aging, but the most useful organizing idea in it is the concept of the "superager" — people whose cognitive performance doesn't just hold steady with age but, in some measurable respects, improves. The natural assumption is that memory is a single, universally declining faculty, and that the best anyone can do is slow the decline. Castel's research pushes against that framing directly, and the mechanisms he describes are specific enough to be genuinely actionable rather than merely comforting.




The starting point is understanding what memory actually is, mechanically. Castel frames it as reconstruction rather than retrieval of a fixed recording — every time you remember something, you're rebuilding it, which is also why memory is bound up so closely with metacognition, our beliefs about our own memory. This reconstructive quality cuts both ways: it's why mnemonics work (you're giving the reconstruction process better scaffolding to work with) and why false memories are possible (the reconstruction can go wrong in systematic, predictable ways). Castel and Huberman discuss this in the specific, high-stakes context of eyewitness testimony, using the well-known Ronald Cotton case as a touchstone: a case in which confident eyewitness identification turned out to be inaccurate, illustrating a finding that shows up repeatedly in the memory literature — confidence and accuracy are far more loosely coupled than most people, including jurors, assume. A witness can be completely sincere, completely confident, and completely wrong, because the confidence is generated by the same reconstructive process that produced the (mistaken) memory in the first place, not by some independent check on its accuracy.




On the aging side, the conversation distinguishes between maintaining existing cognitive abilities and building new ones, and argues these draw on different mechanisms — habit and practiced routine on one hand, curiosity and openness to novelty and emotional engagement on the other. This maps onto a broader finding Castel discusses regarding neuroplasticity: frustration and difficulty during learning aren't necessarily signs that the brain is failing to adapt; they can be part of the process by which adaptation happens, which reframes the discomfort of learning something hard later in life as data rather than a verdict. The conversation also covers concrete physiological correlates — exercise's relationship to hippocampal volume, and connections between physical balance and fall risk in older adults — grounding the more abstract cognitive discussion in measurable biology rather than leaving it purely at the level of mindset.




Perhaps the most striking recurring theme is around what Castel calls "age beliefs" — the idea that a person's subjective sense of their own age and their beliefs about whether aging is a story of decline or continued capability meaningfully shapes outcomes, not merely as motivational fluff but as a measurable input alongside things like the anterior midcingulate cortex's role in the superager profile. The discussion also brings in socioemotional selectivity theory, the idea (associated with psychologist Laura Carstensen) that as people perceive their remaining time as more limited, they become more selective about relationships and activities, prioritizing emotionally meaningful engagement over breadth — a shift Castel and Huberman connect to how people like Steve Jobs approached late-career focus. None of this is presented as a simple hack; the throughline across the whole conversation is that the superager profile isn't one trait but a bundle of them — curiosity, physical exercise, retrieval practice (self-testing rather than passive review), selective and emotionally engaged social connection, and a self-concept that treats aging as compatible with continued capability rather than as a fixed decline.




The implication worth carrying forward is a reframe of what "protecting your memory" actually means. The popular version of brain health advice tends to focus on avoidance — don't let your mind go idle, don't stop challenging yourself — which implicitly treats aging as a battle against inevitable loss. Castel's research suggests a more active version: memory and cognition in later life respond to the same things that make any skill improve at any age — deliberate practice through retrieval rather than passive exposure, genuine curiosity rather than obligation, physical activity that has a measurable structural correlate in the brain, and a self-narrative that doesn't pre-write decline as the only available story. It's less a set of tricks for remembering where you put your keys and more a claim about what kind of relationship with your own aging mind actually produces better outcomes — an idea that has as much to do with psychology and self-concept as it does with neuroscience.




* * *




The DRAM story running through this week's briefings deserves a beat of its own. Samsung is pushing for another price increase of up to 20% on top of roughly 90% in the first quarter of 2026 and 50-60% in the second — three consecutive quarters of major hikes for the memory chips that go into everything from phones to AI servers, according to the Generalist Intelligence briefing. Data centers are absorbing nearly all available supply, which has handed real pricing power back to Samsung, SK Hynix, and Micron for the first time in years. The consequence isn't abstract: it's a growing tax on anyone building AI infrastructure who isn't a hyperscaler with the leverage to lock in supply years in advance, and it's the same underlying dynamic — retail leverage stacked on top of chip-supply concentration — that has Barclays' Altmann worried about Korean ETFs in the deep dive above.




Alex Finn's 24/7 local AI setup, profiled on Lenny's Newsletter, is a useful data point on how far the "run it yourself" instinct can go once the economics tip. Finn runs three Mac Studios (512GB unified memory each), an Nvidia DGX Spark, and a custom RTX 5090 build, coordinated through a fleet dashboard he built himself, allocating models like GLM 5.2, Qwen 3.6, and Ornith 1.0 across machines based on which task each is suited for. His argument isn't about ROI on any simple hardware-versus-subscription comparison; it's that once you're running agents continuously — security scans, code review, social monitoring — the math on a $20-a-month cloud subscription breaks down entirely, because "unlimited inference" opens up use cases (constant background monitoring, not just occasional queries) that are never economically viable when you're paying per token.




Claire's companion piece on building an AI "harness" makes a sharp, generalizable distinction worth carrying into any AI-adjacent project: a harness is just code you write around an agent to make it reliably good at one specific job, and it's worth building when a workflow is partly deterministic (defined steps and tools) and partly non-deterministic (the agent has to figure out root causes or write a report). Her example — automating Sentry bug triage at ChatPRD — used a narrow, purpose-built adapter to the Sentry API rather than general-purpose access, on the theory that opinionated, restricted tool access makes an agent faster, cheaper, and less likely to wander off-script than giving it broad, general permissions and hoping it stays disciplined.




Noam Segal's second annual Tech Worker Sentiment Survey, also on Lenny's Newsletter, found that AI has split the tech workforce into four emotional archetypes — the Energized, the Conflicted, the Disoriented, and the Resentful — with burnout up 11 points in a single year and, notably, most respondents saying they wouldn't recommend a tech career to someone entering the industry today. The most counterintuitive finding flagged in the piece is that the number one fear driving this isn't simple job loss to automation — it's something more diffuse about how the work itself and the path to mastery are changing, and the discussion argues that managers, more than any individual coping strategy, are the biggest lever available for addressing it.




sqlite-utils reached version 4.1 this week, and Simon Willison's release notes are a small case study in AI-assisted open-source maintenance: several of the new features — a drop-index command, primary-key inference for upsert, strict-mode controls for table transforms — came from having Codex review the project's open issues and flag the easiest ones to implement. Willison also describes a testing technique worth stealing regardless of what you're building: rather than trusting the automated test suite an agent writes for its own code, he prompted it to "manually exercise" the new feature interactively and hunt for edge cases outside its own tests, which turned up two real bugs the automated tests had missed.




OpenAI's new "Work" feature for ChatGPT, per a quote Willison flagged, splits cleanly and somewhat awkwardly between cloud and desktop: conversations run in the cloud on web and mobile, but the desktop app can additionally use local files and desktop applications with permission — and at launch, the two don't sync. Cloud conversations don't show up in desktop Work, and desktop threads and local files stay put on that machine. It's a small but telling example of how quickly "agent that can act on your behalf" products are shipping ahead of the basic infrastructure (like cross-device sync) users generally assume as table stakes.




Drexel chemical engineer Thamires Lima's research, covered in Quanta, complicates something that seems almost definitionally true: that thick, simple fluids like honey, polypropylene, or crude oil can only flow, never break. Using extensional rheology — stretching viscous liquids between metal plates to measure the force required to make them flow — Lima found that some of these simple fluids can actually fracture under stress rather than simply deforming, a finding that runs against a long-standing assumption in the field about what separates "simple" fluids from more complex, structured ones.




Peter Attia's newsletter this week covers two related but distinct health topics. On Alzheimer's and dementia care, neurologist Gayatri Devi argues that early diagnosis "really does make a difference now in terms of changing the trajectory of someone's cognitive health" — a claim that matters because it pushes against the fatalism that often surrounds a dementia diagnosis, suggesting earlier detection combined with personalized treatment and newer therapies can meaningfully alter outcomes rather than just providing earlier warning of an unchangeable path. On sleep, Attia examines a new meta-analysis linking sleep loss to mortality, but his more interesting contribution is methodological: he's careful to unpack what an observational meta-analysis can and cannot establish about causation, while still arguing that the practical takeaways for sleep habits hold up regardless of how strong the causal evidence turns out to be.




A handful of shorter items rounded out the week. From Aeon: Valerie Trouet's piece on tree rings as an archival record of planetary shifts and cosmic events; a video profile of journalist Patricia Evangelista reflecting on documenting crimes against humanity as simultaneously the worst and best possible job; and David Robson's essay on being abandoned by his mother, describing memory as a story co-authored with the people who raised us, fractured when a co-author disappears. From the Brains Blog, two connected pieces on Josh Mugg's book From Human Reasoning to Belief, including Aliya Rumana's sharp observation that dual-process theory's enduring popularity in experimental psychology may owe less to its substantive claims than to the basic statistical logic of null-hypothesis testing itself. And from Marginal Revolution: Ben Bernanke's appointment to Anthropic's Long-Term Benefit Trust, research (via Jeremy Horpaczewski, citing Emanuel Saez) showing that European football provides unusually clean evidence of high-earners relocating in response to tax rates, and a lighter culture roundup covering Spider-Noir, Project Hail Mary, and The Sheep Detectives — including a genuinely good line about Ryan Gosling lacking "the right stuff" that Matt Damon brought to the same kind of role in The Martian.




* * *




There's a pattern in what stuck with me most this week, and it's not really about AI, even though AI touches almost every story here. It's about the specific discomfort of trusting a system you can't fully inspect. Jarred Sumner couldn't read a million lines of Rust, so he built a test suite good enough to trust instead. Retail investors in Korea can't fully model the compounding risk of a leveraged ETF, so they trust the ticker and the narrative. The AAAS can't audit every future funding decision a political appointee might make under a new rule, so they're arguing, loudly, for keeping the old structure that didn't require that trust in the first place. Andrew Ng's entire argument about open-weight models is fundamentally about the same tension at a civilizational scale: the difference between a nation trusting its AI supply chain to a foreign company's discretion versus being able to actually see the weights themselves.




What I keep coming back to is that none of these are new problems dressed up in new technology — they're the oldest governance question there is, which is how you build a system robust enough that trust doesn't have to rest on any single point of failure, whether that point is a person, a company, or a government. Decentralization, peer review, conformance suites, open weights, adversarial code review — these are all, in their different domains, answers to the same design question: how do you make a system trustworthy without requiring anyone to personally vouch for every part of it. Tyler Cowen's line about decentralization being "a historically unusual achievement that is easier to destroy than rebuild" applies just as well to Sumner's testing discipline or to the market structure underneath those Korean ETFs. Easier to destroy than rebuild is, in fact, a good description of most of the good things in this week's reading.




Alan Castel's superagers offer maybe the most human-scaled version of the same idea, and the one worth carrying past the newsletter's shelf life. The people who keep improving cognitively into old age aren't relying on some fixed reserve of youthful memory they're protecting from decay — they're actively rebuilding their own capability through curiosity, retrieval, and engagement, over and over, the same way a good testing harness rebuilds confidence in code that no single person could read end to end. Trust, in a system or in a mind, was apparently never a thing you accumulate once and keep. It's something you keep re-earning, on purpose, for as long as you want the thing — whether it's a runtime, a market, a research institution, or your own memory — to still be worth trusting.
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