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What the Exponential Leaves Behind




THIS WEEK'S BRIEF







	Why school GPAs have stopped measuring learning, and what an AI-alignment concept from 2019 has to do with it




	How reasoning models learned to "show their work" — and what still isn't publicly understood about how effort dials get built




	A coalition of researchers argues AI safety has been solving only half the alignment problem




	A biohacking generation preparing its body for a future it's increasingly declining to have children for




	Why India and China are having two different conversations about the same relationship




	Inside Anthropic's Claude Code team: shrinking system prompts, a Slack bot writing two-thirds of PRs, and the vanishing half-life of "conventional" software engineering




	An anonymous consultant's anecdotes about executives who've never used the AI tools they're building strategy around




	Anthropic reverses course and keeps its best model inside subscription plans after all




	Elon Musk, Lee Kuan Yew, and a decades-old quote reigniting Europe's fight over air conditioning




	A neuroscientist studies his own blood, hour by hour, to understand what mitochondria have to do with mood




	Briefings on the Hubble tension, this year's Fields Medal winners, sabbaticals, content machines, and more








* * *




There's a pattern running under almost everything worth reading this week, and it isn't really about artificial intelligence, even though AI is the occasion for most of it. It's about lag — the gap that opens up when something starts moving at a different speed than the systems built to measure, govern, or simply keep pace with it. This week that gap shows up in a grading system, a set of national psyches, a body count of newborns, a boardroom, and a 127-page mathematical proof that took months to trust. The through-line is that capability doesn't wait for comprehension. It just keeps compounding while comprehension tries to catch up, and the distance between the two is where the interesting failures happen.




Start with institutions. A 23-member coalition writing in Noema this week — drawing partly on Anthropic CEO Dario Amodei's June essay comparing the mismatch between AI capability and policy capacity to "seeking military aid from trees" — argues that we've built an entire safety discourse around aligning AI systems with human values while almost entirely neglecting the other side of the equation: aligning human institutions to actually absorb what these systems can do. They call this neglected half "reverse alignment," and the timing of their argument is almost too convenient — the same week Noema published it, the same institutional fragility showed up in miniature in a Palladium piece on Campbell's Law and American education. Grade inflation and the abandonment of standardized testing have quietly decoupled the GPA from the thing it was invented to measure, to the point where UC San Diego found entering freshmen with A-minus math averages testing below high school level. These are the same failure mode at different scales: a system optimized for a proxy (compute capability, grades) drifts away from the underlying goal it was supposed to serve (safe deployment, actual learning), and nobody notices until the gap is enormous.




That drift isn't only institutional — it's personal, too. Nik Suresh's anecdotes about corporate AI mania, relayed by Simon Willison, describe executives building AI strategy for billion-dollar organizations without ever having opened ChatGPT, and vendors staying silent about implausible "100x productivity" claims because contradicting a customer's executive reads as an attack. Nobody in that ecosystem has an incentive to let the measurement catch up to reality. Compare that to a very different essay in Noema this week, about a generation — the author's own, and implicitly the reader's — biohacking itself toward the vitality it hopes AI-driven medicine will soon make durable, even as birthrates collapse fastest in exactly the cities most exposed to that same technology. It's the same lag playing out inside a single body and a single decision about whether to have children: the future is arriving faster than any individual's capacity to fully believe in it or plan a life around it.




And then there's the oldest kind of lag there is, the geopolitical kind, where two nations look at each other through frozen historical snapshots. A Noema essay on India-China relations describes Chinese views of India curdling from postcolonial warmth into condescension over twenty years, even as India's strategic thinking remains gravitationally fixed on Beijing at every level. Europe's fight over air conditioning, reignited this week by an Elon Musk tweet quoting a decades-old Lee Kuan Yew interview, is a smaller version of the same thing — a continent deciding, culturally, whether to adapt to a physical reality that has already changed. Meanwhile, at the actual frontier, Anthropic's own Claude Code team describes a rate of change so fast that "conventional software engineering," as they knew it eighteen months ago, has already stopped applying. That's the real shape of this week's reading: at every scale, from a single teenager's math placement exam to the fate of nations, the hard problem isn't building the new thing. It's building the capacity to catch up to it.




* * *




When the Grade Stops Measuring the Learning




In 1976, the social scientist and cyberneticist Donald T. Campbell articulated a principle that has aged into one of the most reliable diagnostics of institutional failure available to us. Any quantitative indicator used for social decision-making, he warned, eventually becomes a target — and once people start optimizing for the target, the indicator gradually loses its connection to whatever it was originally supposed to measure. This is Campbell's Law, and a Palladium essay this week argues that American education has become its most dramatic living case study.




The evidence is concrete and specific. At UC San Diego, a 2025 report found that roughly one in eight incoming freshmen tested below high school level in math, with nearly 12 percent of the entering class placed into remedial coursework. What makes the number startling isn't just the twelve percent — it's that the average high school math GPA among students placed in the lowest remedial track was an A-minus. These are students who, by every signal their transcripts sent, should have been thriving. Instead they arrived at a well-regarded public university and discovered that the mathematics they'd supposedly mastered was, in the article's words, "completely alien" to them. The proximate cause, per the piece, is that UCSD dropped standardized testing as an assessment tool — removing one of the few remaining checks on high school grade inflation, a problem that predates large language models but has only accelerated since.




The essay's more interesting move is reaching for an unlikely lens to explain why this happens: mesa-optimization, a concept lifted directly from AI alignment research. The term comes from a 2019 paper, "Risks from Learned Optimization in Advanced Machine Learning Systems," co-written by researchers from the Machine Intelligence Research Institute, the organization founded by Eliezer Yudkowsky. In machine learning, a "base optimizer" is the training process that searches for a model scoring well on some objective. Sometimes the model it finds turns out to be running its own internal search — pursuing an objective of its own that the training process never specified and can't easily inspect. That internal objective is the "mesa-objective," named as a deliberate inversion of "meta" (a mesa-optimizer sits one level below the system tuning it, rather than one level above). The gap between what the model was trained to do and what it actually learned to pursue is the "inner alignment problem."




The essay's most striking move is extending this framework past machine learning entirely, to any large human institution with a stated purpose and a web of downstream incentives. Its central example is elegant: natural selection is the base optimizer, "selecting" for genes that propagate. But the process didn't just optimize genes directly — it produced a new class of agents, humans, who developed independent goals only loosely correlated with reproduction. Some of those goals remain broadly aligned with the base objective. Plenty don't — celibacy, contraception, adoption are all mesa-objectives that diverge sharply from what natural selection was "for." Apply the same lens to a school system whose base objective is producing educated people. Grades were meant to be a proxy for learning. But once grades themselves became the target — the thing students, teachers, and administrators are all incentivized to optimize directly, especially once one lever (standardized testing) that kept the proxy honest is removed — the proxy detaches from the underlying reality. Students learn to produce A's. The A's stop reliably indicating learning. The system keeps issuing transcripts that look identical to the ones it issued when the connection still held.




Campbell had already diagnosed this pattern in the failing institutions of the 1970s — he pointed to prosecutors misusing plea bargains to inflate case-clearance statistics, for instance — and the essay's implicit warning is that we are watching the same corrosion happen again, this time inside the very system meant to prepare the next generation for an AI-saturated economy. The proposed fix is almost paradoxical: that the technology contributing to the problem — students using LLMs to complete coursework without doing the underlying cognitive work — might also provide the tools for a more transparent, harder-to-game system of assessment, precisely because AI can evaluate understanding in ways that are more resistant to the kind of gaming that plagues a single number on a transcript.




The implication reaches well beyond classrooms. Any metric you rely on to run a company, evaluate an employee, or judge your own progress toward a goal is a mesa-optimization target waiting to happen. The moment people (or systems) start optimizing for the score instead of the thing the score was meant to represent, the measurement quietly stops telling you the truth, often long before you notice the gap. Campbell's Law isn't really about education. It's a warning about every dashboard you trust.




* * *




Teaching Machines to Show Their Work




Almost two years have passed since OpenAI released o1, the model that first popularized the idea of an LLM that reasons — that produces an intermediate trace of steps before arriving at a final answer, rather than jumping straight to output. DeepSeek-R1 followed about four months later, and with it came the methodological detail that has since become the standard recipe for building reasoning models: reinforcement learning with verifiable rewards, or RLVR. Sebastian Raschka's Ahead of AI newsletter, which has tracked this lineage closely (Raschka literally wrote a 440-page book on the subject, Build a Reasoning Model From Scratch), used this week's release of OpenAI's GPT-5.6 family — three sizes, each with roughly five or six selectable "reasoning effort" settings — as the occasion to revisit how this all actually works.




The core idea behind RLVR is disarmingly simple once you see it. You give a model a reward signal — 0 for incorrect, 1 for correct — but only in domains where correctness can be checked programmatically rather than judged subjectively. Math is the classic case, because a symbolic checker like SymPy or WolframAlpha can verify an answer without ambiguity. Code is the other, because compilers, unit tests, or platforms like LeetCode can confirm whether a solution actually runs and passes. What makes this training approach notable, and slightly counterintuitive, is what it doesn't use: the intermediate reasoning trace itself was not part of the training signal. DeepSeek-R1's team reportedly tried incorporating that intermediate content into training and found it didn't help, so the final approach rewards only the end result and the response format — the "showing your work" step is never directly graded.




And yet — this is the part that made reasoning models feel like a genuine breakthrough rather than an incremental tweak — training on output rewards alone turned out to be sufficient for models to spontaneously learn to reason through problems step by step, including backtracking and self-correcting mid-answer. Researchers call these moments "aha moments": junctures where the model notices, within its own reasoning trace, that an earlier step was wrong, and corrects course before committing to a final answer. Nobody explicitly trained the model to do this. It emerged from optimizing purely for correct final answers under RLVR, which is itself a small, elegant example of exactly the kind of learned, unspecified internal behavior that mesa-optimization research (see the previous deep dive) tries to formalize and understand.




Raschka's piece is also careful to correct the popular narrative around who "invented" this approach. DeepSeek-R1 is inarguably the paper that captured public attention and created the current wave of excitement, but a nearly identical paper, Kimi K1.5, was published by a different lab on the exact same day — January 22, 2025 — and the term RLVR itself had already been coined two months earlier in a separate paper, Tülu 3: Pushing Frontiers in Open Language Model Post-Training. This is a useful corrective for anyone tracking AI progress by press coverage rather than by publication timelines: the ideas that end up defining a field rarely arrive from a single lab in a single moment: they tend to converge from several directions simultaneously, and the one that gets remembered is often just the one that landed with the most narrative force.




The newsletter frames all of this progress along two axes: training scaling (making the base model better at reasoning through additional training) and inference scaling (letting the model "think longer" at answer time, using more compute per query to improve results without retraining). The multiple effort settings now shipping in models like GPT-5.6 are essentially a productized version of inference scaling — a dial the user or developer can turn to trade cost and latency against reasoning depth, using presumably the same underlying model at different compute budgets per response. It's worth being honest about the limits of what's public here: the piece's stated goal is to explain exactly how developers build a model with several selectable effort modes, and the detailed mechanism — whatever specific training or inference technique produces genuinely distinct effort tiers within a single model — goes beyond the RLVR fundamentals recapped above. What's clear is that the foundational recipe (RLVR, verifiable rewards, emergent self-correction) is now well-established and widely replicated across labs, which is itself the more important story: reasoning models have gone, in under two years, from a novel research direction to a standard, productized feature that every major lab ships in multiple flavors.




The broader implication is about how fast frontier AI research commodifies. A technique that seemed genuinely novel in January 2025 is, eighteen months later, an assumed baseline capability that gets a "how many effort settings does your model offer" comparison chart rather than a research paper. That compression of the distance between breakthrough and commodity is worth sitting with — it's the same compression, at the level of pure technical capability, that the rest of this week's reading suggests our institutions, bodies, and nations are all struggling to metabolize.




* * *




The Other Half of Alignment




Last month, per a Noema essay from the newly formed Sociotechnical Grand Challenges Coalition, the U.S. government ordered Anthropic to cut off access to its two most capable models, Fable 5 and Mythos 5, for all foreign nationals — including its own employees. Anthropic disabled the systems for every customer within hours. The coalition, a 23-member group spanning AI research, social science, governance, industry, philanthropy, and civil society, uses that episode as a cold open for a larger argument: the raw capability of AI systems is now advancing far faster than the institutions meant to govern, absorb, or even understand them.




They're not the only ones saying so. The essay leans on Anthropic CEO Dario Amodei's own June 2026 essay, "Policy on the AI Exponential," in which he warns that AI capability is climbing exponentially while policy and social institutions move at their accustomed, much slower pace — a mismatch he compares to "seeking military aid from trees." The same week, per the coalition's account, Anthropic's research division released internal data on models that have begun helping build their own successors, adding fresh, concrete weight to long-running speculation about recursive self-improvement. The coalition's point isn't that this is being ignored. Amodei himself is sounding the alarm. Their point is that the response to the alarm has been lopsided: an enormous, detailed, well-funded conversation about making AI systems more capable and more aligned with human values, and comparatively little concrete work on preparing the societies those systems get deployed into.




They give this neglected half of the problem a name: reverse alignment — the ambitious redesign of institutions, norms, skills, and governance frameworks so that societies can actually harness AI safely and share its benefits. Their framing of "alignment" as inherently two-sided is the sharpest idea in the piece. A perfectly aligned AI system, one that faithfully pursues exactly the goals we intend, can still cause serious harm or simply underdeliver on its potential if it's deployed into democracies, economies, and legal systems that aren't built to receive it. You can solve the inner alignment problem completely and still lose, if nothing on the receiving end is ready.




The coalition backs this with historical precedent, invoking economist Carlota Perez's 2002 book Technological Revolutions and Financial Capital, which argues that transformative general-purpose technologies — industrialization, electrification, the internet — only pay off after decades of deliberate, unglamorous investment in organizational redesign, workforce development, legal frameworks, and new modes of civic participation. Those investments, Perez argues and the coalition echoes, aren't optional extras layered on top of technological change; they're prerequisites for the change to actually succeed rather than misfire.




The essay identifies specific failure modes that show up when this complementary investment doesn't happen. The first, drawing on a 2021 paper by economists Erik Brynjolfsson, Daniel Rock, and Chad Syverson, is "productivity without prosperity": general-purpose technologies generate broad value only after heavy investment in the new processes, skills, and organizational structures needed to actually use them well. When that complementary investment lags — as it reliably does — work gets reorganized faster than people can retrain, renegotiate, or relocate, and the productivity gains never translate into broader security or mobility. They stay concentrated wherever the capital already was. The second, drawing on a working paper by economists Christian Catalini, Xiang Hui, and Jane Wu, is "execution without verification." Once the cost of producing text, images, and code collapses — which AI has clearly done — the scarce resource stops being production capacity and starts being the human bandwidth required to check whether any of that output is actually correct, trustworthy, or worth acting on. Production explodes; verification capacity doesn't scale with it, and the gap is where errors, fraud, and confusion accumulate.




It's a genuinely useful reframe of the alignment conversation, and it dovetails uncomfortably well with the Palladium essay on mesa-optimization in education elsewhere in this digest: both pieces are describing institutions whose measurement and absorption capacity have fallen behind the thing they're supposed to be measuring or absorbing. The coalition's argument is essentially that we are about to run this exact failure mode at civilizational scale, across labor markets, legal systems, and information ecosystems simultaneously, unless the money and attention currently pouring into making AI more capable gets matched by comparable investment in the boring, unglamorous work of making human institutions capable of catching up.




* * *




Biohacking on the Edge of a Cliff




A personal essay in Noema this week opens with a small, specific ritual: apple cider vinegar and a vitamin pill first thing in the morning, sardines and grapefruit, rye bread, ryazhenka, cashews, weightlifting and creatine, sometimes collagen peptides with green tea, ashwagandha and magnesium with silica before bed, twenty thousand steps logged by a phone. The author frames this not as an eccentric personal habit but as something close to a generational default — a description that will land with uncomfortable familiarity for a lot of readers, and that's precisely the point. These practices, the essay argues, are "far from niche," common across the author's entire social circle, evidence of a cohort trying to physically buy time until something bigger arrives.




That something bigger is AI-driven medicine and, further out, brain-computer interfaces — systems that use AI to translate brain signals into artificial outputs, with researchers now actively exploring whether human consciousness and experience might eventually be uploaded into some form of durable digital existence. The essay's framing is that this generation might be the first for whom "biohacking your way into a longer life" is a plausible strategy rather than wishful thinking, given AI's accelerating ability to map human proteins and optimize sleep, diet, and exercise at a level of precision previously impossible. The people doing the sauna circuit and the bloodwork aren't (only) vain; they're trying to still be young, or at least vital, when the technology actually arrives.




Here's the tension the essay circles, and it's a genuinely strange one: at precisely the moment when technology seems to be opening a plausible path to radically extended life, the species — or at least its most technologically advanced segments — has started reproducing at record-low rates. The essay cites a National Bureau of Economic Research study finding that early smartphone access in the U.S. contributed to lower birthrates, and lays out the geography starkly: Silicon Valley's birthrate sits at 9.7 births per 1,000 people, well below the rest of the U.S. and dropping sharply. South Korea has the lowest birthrate in the world, around five per 1,000. China's birthrate has fallen to 5.63 per 1,000, a record low for the country. The essay's observation is that these aren't random outliers — Shanghai, San Francisco, New York, Seoul, Singapore all share high housing costs, work-centered cultures that treat labor as a primary source of meaning and status, and, crucially, proximity to the AI frontier. The places furthest along in building the technology that promises longer, better lives are the places where people are choosing, in aggregate, not to make more of themselves.




The essay names this a "suicide mentality," which is a deliberately provocative phrase, but the political implication it draws out is sober and specific: political systems built around elevating the median person — the essay names the American democratic order specifically — run into real trouble when that median population stops reproducing at a sustainable rate. More hierarchical systems, like China's, look externally more stable by comparison, but face the same underlying problem from a different angle: the population at the base of the pyramid isn't interested in staying there long enough, or in numbers sufficient, to keep the structure standing. The essay is careful to note that on an individual level, the decision not to have children is often perfectly rational — unaffordable housing, expensive childcare, a wider range of accessible life paths through travel and work, greater autonomy for women. It's only in aggregate, across an entire technological civilization simultaneously making the same individually rational choice, that the pattern reads as something closer to a species-level abstention.




Read alongside the rest of this week's material, this essay is really a personal, embodied version of the same lag showing up everywhere else — the coalition's "reverse alignment" gap, the mesa-optimization drift in education, the executive strategy decks built by people who've never opened the tool they're deploying. In each case, the pace of technological possibility has detached from the pace at which the humans and institutions on the receiving end can actually update their behavior, beliefs, or plans. This essay just locates that same detachment inside individual bodies and individual decisions about whether to bring new life into a future nobody is quite sure how to describe yet.




* * *




Two Countries, Two Different Movies




This spring, the author of a Noema essay joined a delegation of Indian journalists in Beijing — the first group of senior Indian reporters to visit China in years, both countries having expelled nearly all of each other's resident correspondents amid strained relations. The trip, organized by the Center for China and Globalization as part of ongoing efforts to normalize ties after the diplomatic freeze that followed the 2020 Galwan Valley border clashes, produced a moment the author treats as revealing far more than any formal statement could: a Chinese participant told the Indian delegation, bluntly, that India should accept its position of relative weakness without shame and figure out how to leverage China's economic strength for its own development. The room reacted with gasps and pinched faces. What was likely intended as pragmatic advice landed as condescension.




The essay's central argument is that this asymmetry isn't just about GDP, though the GDP gap is real and dramatic: as recently as 1990, India and China had comparable per capita incomes; by 2025, China's economy, at $19.4 trillion, was nearly five times the size of India's $4.1 trillion. The deeper asymmetry is one of attention and intensity. China's strategic imagination is organized around the United States as the only actor on the world stage with real leverage; everyone else, India included, is supporting cast — a significant regional actor, a nuclear-armed neighbor, a potential irritant, but not a peer. India, by contrast, cannot stop thinking about China. Beijing's shadow falls across every Indian military procurement decision, every infrastructure project along the disputed border, every calculation involving Pakistan. One country is a preoccupation for the other and a footnote for itself.




This gap wasn't always this wide, and the essay's account of how it opened is its most interesting contribution. The author lived in Beijing as a foreign correspondent from 2002 to 2009 and recalls Chinese attitudes toward India at the time as warm and, notably, organic rather than state-managed the way perceptions of Japan were carefully curated. Older Chinese remembered socialist-era Hindi films like Awaara fondly; India carried genuine cultural weight as the birthplace of Buddhism; and there was a kind of collegial respect between two rising economies, particularly around India's lead in software outsourcing. That warmth has curdled in the younger generation. India today registers in Chinese public discourse less as a peer and more as either a laggard to be lectured or a "presumptuous rival" to be put in its place — a shift the essay attributes partly to social media amplifying a narrative of Indian boastfulness untethered from results. Chinese commenters mock India's Vision 2047 goal (to become a fully developed nation by the hundredth anniversary of independence) by pointing to Prime Minister Modi's unmet 2019 pledge to build a five-trillion-dollar economy within five years — and a genuinely pejorative slang term, "Ah San," circulates in some of these conversations.




The essay reaches back further still, into a piece of colonial history that helps explain why these perceptions carry the emotional charge they do. From 1885 until the early 1940s, Sikh men were recruited directly from Punjab to police the British treaty-port concessions of Shanghai and Hong Kong, eventually comprising around 12 percent of the Shanghai Municipal Police force. They were cheaper to employ than Europeans and considered more reliable than the local population — inserted, in the essay's framing, into a triangular colonial hierarchy as "the colonial enforcer's enforcer." That history, largely invisible to most Indians today, apparently still colors how some segments of Chinese public memory associate Indians with the humiliations of the colonial era, a residue the essay suggests neither country has fully reckoned with.




The essay's real thesis, stated plainly, is that the greatest barrier between India and China isn't economic disparity or even the unresolved border dispute — it's a decades-old communication failure in which each side interprets the other through a partial historical memory and mistakes that fragment for the whole picture. It's worth pausing on how broadly that diagnosis travels. Swap out the countries and the specific grievances, and you have a fairly good description of most entrenched interpersonal and organizational conflicts too: each party operating from a frozen snapshot of the other, updated rarely and defended fiercely, long after the underlying reality has moved on.




* * *




Notes from Inside the Fastest-Moving Team in Software




Simon Willison hosted a fireside chat at the AI Engineer World's Fair with Cat Wu and Thariq Shihipar, two members of Anthropic's Claude Code team, and the transcript he published this week is one of the more candid looks available at how fast the practice of building software has actually changed from the inside of the company doing the building. The headline data point: Claude Tag, Anthropic's collaborative Slack integration, now lands 65 percent of the product engineering PRs for the Claude Code team itself. Two-thirds of the code shipped by the team building the coding agent is now landed through a Slack-based agentic workflow rather than a human opening a pull request the old-fashioned way.




Cat Wu's account of how her own day-to-day work has changed is the clearest illustration of the underlying shift. When Claude Code first launched alongside Claude Sonnet 3.7, she says, "you would have to closely monitor every single little thing it tried to do. I would read every permission prompt extremely carefully. I would frequently say no." Each subsequent model generation compressed that oversight burden further, and Fable represents, in her telling, "a totally different step change" — the point where a large share of use cases can genuinely be one-shotted rather than incrementally supervised. Thariq's story is more visceral: his first real encounter with Claude Code was on Opus 4, and it was enough to make him leave whatever he was doing to go work at Anthropic. He describes a kind of institutional amnesia setting in already — "I don't even remember pressing yes and allow" on permission prompts, because auto mode now feels like it has always been there, even though the shift from constant supervision to default autonomy happened within about a year and a half.




Both guests point to the same underlying rule of thumb about prompting the newest models, which cuts against a lot of conventional prompt-engineering wisdom: adding worked examples to a system prompt is no longer considered best practice for a model like Fable 5 or Opus 4.8, and explicit lists of "don't do X, don't do Y" instructions can actively reduce output quality rather than improve it. The Claude Code system prompt itself has reportedly shrunk by 80 percent as a direct consequence of this shift — evidence that the newest models need less scaffolding and less negative-space instruction, and that scaffolding that made sense for weaker models can become dead weight, or even a liability, for stronger ones. It's a small but genuinely useful piece of practical guidance for anyone building on top of these models rather than just consuming them through a chat window.




Cat Wu's answer to a question about what conventional software engineering wisdom no longer holds is the most quotable moment of the transcript, and probably the one worth sitting with longest. Two years ago, she says, it was standard for a product manager to spend months talking to customers, aligning cross-functionally, and writing a thorough spec before a single line of code got written — a six-to-twelve-month cycle from idea to implementation. "Now things are completely turned the opposite way." With implementation time compressed from months to, in some cases, a single week, the actual scarce resource has shifted from engineering execution to judgment about what's worth building in the first place. Her explicit advice to engineers in the room was to develop more product and business sense, precisely because the traditional division of labor — PMs decide what, engineers decide how — collapses when the "how" step stops being the bottleneck.




Thariq's framing for how to handle the psychological side of this shift is worth holding onto as a piece of general-purpose advice, not just AI-industry commentary: he describes offsetting the sense of professional obsolescence that fast-improving coding agents can induce — the feeling of watching a machine outplay you at something you built your identity around, the "Deep Blue" moment — by "being more ambitious" with the scope of work you take on, rather than competing with the agent at the same scale of task you used to do yourself. It's a reframe worth sitting with regardless of whether you write code for a living: when a tool compresses the cost of execution, the response isn't to defend the old scope, it's to expand your ambition to match what execution no longer constrains. Anthropic's own internal culture, per both guests, treats this as an active practice rather than a slogan — they call it "ant fooding," shipping features to employees first and only graduating features to customers once they demonstrably improve retention within that internal cohort, working in public inside their own Slack channels the same way they'd expect any team using Claude Tag to work.




* * *




BRIEFINGS




Executives are building AI strategy without using AI. Nik Suresh's anecdote-driven account of corporate AI mania, relayed by Simon Willison, includes an executive who admitted to never having used ChatGPT or any AI tool in his life immediately after presenting an AI-centered technical strategy for an organization with over $2 billion in revenue. One engineer described secretly maintaining a parallel rewrite of his company's Go codebase in Zig, using AI, purely to stay visible on an internal "token leaderboard" and keep his job. Most tellingly, a vendor executive explained that inflated "100x productivity" claims go unchallenged industry-wide not mainly because of sales fluff, but because contradicting a customer executive's public claims reads as an attack and risks the enterprise contract that pays the vendor's own bills.




Anthropic reverses its plan to strip Fable 5 from subscriptions. Beginning July 20, Fable 5 will be included in all Max and Team Premium plans at 50 percent of usage limits, with Pro and Team Standard subscribers keeping access via usage credits plus a one-time $100 credit, according to Simon Willison's writeup of the @claudeai announcement. The original plan to make Fable 5 API-only was driven by compute capacity constraints, but competitive pressure from OpenAI's GPT-5.6 Sol and, to a lesser extent, Kimi 3 made that plan commercially untenable — nobody was going to pay $100 to $200 a month for a subscription that excluded the best available model. Willison speculates Anthropic may now need to dial back training compute to free up GPUs for serving the model to subscribers.




A decades-old Lee Kuan Yew quote reignites Europe's air conditioning debate. Elon Musk's tweet calling Lee Kuan Yew a "genius" for embracing AC to enable Singapore's tropical development drew directly from a 1990s interview Lee gave to Noema editor Nathan Gardels, in which Lee called air conditioning "one of the signal inventions of history" and said installing it in civil service buildings was the first thing he did as prime minister. France still has only 25 percent home AC penetration versus 90 percent in the U.S., despite running on one of the world's most advanced nuclear grids, and Gardels frames the resistance as cultural rather than technical — AC has become, for some Europeans, a proxy for rejecting American excess. Singapore itself, notably, now gets 95 percent of its electricity from imported natural gas and has adopted a "four switches" strategy to diversify toward net-zero by 2050, suggesting the original AC bargain came with a bill that's only now coming due.




A neuroscientist studies his own blood to understand mitochondria's role in mood. Quanta Magazine profiles Martin Picard, who has undergone extensive self-experimentation — including a 24-hour study in which a nurse drew his blood hourly, day and night, through a hole in a chamber wall — in pursuit of a theory that mitochondria are far more than cellular power plants. His research links mitochondrial function to stress, emotion, and mental states, treating what's usually considered a purely metabolic organelle as a plausible biological substrate for psychological experience.




Cosmology's biggest open mystery keeps getting bigger. Quanta's overview of the Hubble tension explains that measurements of how fast the universe is expanding disagree depending on whether they're derived from the early cosmic microwave background or from nearby supernovae — a persistent discrepancy physicists still haven't resolved. The piece traces the discovery back to the 1990s shock that the universe's expansion is accelerating rather than slowing, which is what originally motivated the concept of dark energy in the first place.




This year's Fields and Abacus Medal winners. Quanta profiles the 2026 recipients of mathematics' most prestigious prize, awarded every four years to mathematicians and computer scientists under 40 who have reshaped their fields — alongside a separate profile of University of Washington computer scientist Shayan Oveis Gharan, known for tackling the traveling salesperson problem and related optimization questions by building novel mathematical tools rather than reaching for the field's established techniques.




A 127-page proof, and months of dread before anyone trusted it. Quanta recounts mathematician Hong Wang and collaborator Joshua Zahl's February 2025 presentation of a proof resolving a long-standing conjecture bridging several branches of mathematics — and the anxious months of verification and peer review the two spent checking their own work before the result was confirmed, a reminder that even monumental mathematical breakthroughs arrive with the authors in a state closer to dread than triumph.




Lenny Rachitsky's sabbatical led directly to his newsletter. Seven years into his career at Airbnb, Lenny took a three-month break — his first stretch of more than two weeks off in fifteen years — and came back knowing his heart wasn't in the work anymore. He left without a plan; six months of exploration turned into a year, which turned into the newsletter he now writes. The piece excerpts DJ DiDonna's new book Big Time Off, the product of two years interviewing hundreds of sabbatical-takers after DiDonna's own break from a fintech company he'd co-founded, made him realize his old life no longer fit.




Morning Brew's co-founder built a six-step "content machine" inside Claude. Alex Lieberman's system, detailed on Lenny's podcast, starts with an "Oracle" that scans a week of Slack, Notion, Gmail, and social feeds to surface 15 ranked content ideas daily, then runs him through an interview panel of six personas (from Tim Ferriss to Howard Stern) that extract real specifics via voice-to-text, drafts against a personal voice file, and scores the result against a "Writer's Council" that won't release anything below a 9 out of 10. His central claim is that AI slop is a people problem, not a model problem — it only happens when the person being interviewed doesn't have interesting ideas to begin with.




Netflix's CPTO says systems thinking is now the top hiring priority. Elizabeth Stone, who oversees Engineering, Product, and Design at Netflix, told Lenny's podcast that the company treats AI fluency as a baseline expectation at every level rather than a specialized skill, and that the central leadership challenge now is managing a flood of AI-generated output without losing quality or signal.




Under-prompting frontier models beats detailed instructions. In a walkthrough of Codex's browser and computer-use features, ChatPRD's Claire Vo describes using it to QA-test an onboarding flow (surfacing 11 issues, including one high-severity blocker) and to run persona-based friction tests suggested by her husband. Her core finding cuts against a lot of prompting folklore: giving frontier models less detailed, more open-ended instructions consistently produces better results than exhaustive step-by-step guidance.




A 21-year-old Python framework got a surprise commit. Simon Willison noted that Quixote, a web framework whose oldest commit dates to the original 2004 import of Quixote 2.4 from Subversion into Git, received a fresh commit just hours before his post — a small, nostalgic moment for a certain era of Python web developer.




Rare astronomical wonder, radical priests, and cellular cognition. Aeon's shorter pieces this week include Ananya Palivela on the transit of Venus, an event so rare it occurs only once every 122 years; Nidal Taibi's profile of Jean Meslier, a rural French priest whose posthumously discovered writings argued that religion functions primarily to manufacture obedient subjects, making him one of history's earliest and most radical atheist voices; and an Aeon Video piece profiling a biologist who argues that problem-solving ability, not neurons, is the right marker for cognition at the cellular level.




Markets in brief. Matt Levine's columns this week ranged widely without settling long on any single thread: the London Stock Exchange's push toward a 22.83-hour trading day, SpaceX's approaching share-lockup expirations, a wave of new 351 exchange ETFs, an SEC enforcement fine over employee texting practices, alleged insider trading on Polymarket, South Korea's ban on leveraged ETFs, and — recurring across nearly every column — Truth Social's newly launched trading API. Taken together they read less as a coherent narrative than as a snapshot of how much idiosyncratic, half-absurd financial-market activity (ice cream commodity hedging, gray-market peptide sales, zombie investment funds) is happening in parallel at any given moment.




* * *




If there's a single thread worth carrying out of this week's reading, it's that the interesting failures rarely come from the technology itself doing something wrong. They come from the widening space between what's become possible and what any given person, institution, or nation has actually had time to absorb. A grading system built for a world without generative AI keeps issuing A-minuses to students who can't do middle-school math. An executive builds a billion-dollar strategy around a tool he's never opened. A generation optimizes its blood panels for a longevity it isn't sure is worth having children for. Two nuclear-armed neighbors negotiate from two entirely different mental models of the same relationship, each one decades out of date in a different direction.




None of this is really a story about AI outpacing us, though AI is the fastest-moving variable in most of these stories and therefore the one that keeps surfacing the gap. It's a story about the basic difficulty of updating — beliefs, institutions, incentive structures, bodies — at anything close to the speed the world now demands. Campbell's Law and mesa-optimization, borrowed from cybernetics and machine learning respectively, both describe a version of the same failure: a system built around a proxy for some deeper goal will drift from that goal the moment the proxy becomes easier to optimize than the reality it was meant to track. That's true of GPAs. It's true of "100x productivity" claims nobody dares to question. It's arguably true of a body count of newborns falling fastest in the places most excited about the technological future.




The Sociotechnical Grand Challenges Coalition's proposed fix — "reverse alignment," pouring the same seriousness into institutional readiness that currently goes into model capability — is really just a formal, well-funded version of an old and unglamorous idea: the work of catching up matters as much as the work of racing ahead, even though it will never generate the same headlines. Nobody writes a viral essay about the multi-decade project of retraining a labor force or rebuilding a school's assessment system to actually mean something again. But that's precisely the kind of work this week's reading suggests we're short on — not more capability, but more capacity to receive it.




Maybe the right response to a week like this one isn't optimism or alarm, but a kind of deliberate slowness in the places that can afford it. Not slower models. Slower judgment about what to do with them — more time spent asking whether the metric in front of you still means what it used to, whether the story you're telling about a rival or a colleague or your own body is still current, or whether it's just the version you happened to learn first and never got around to updating.
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